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HMMtagging

represented asHUMwhere states areactuallyhidden andcanrepresent some

semanticpropertiesof the language Tmusitions simulate relations

between the languageproperties Eachstatecanemmit output tag

aswellclosing thegap
between relevant hidden properties

of the language and thedesiredoutput
Is supported bya hypothesis that therearesome

hiddenpropertiesthat

mightverywellgenerateour output



b Rule based tagging

implementedusually as a setof RegExp
Viterbilike searches withoutpubs aremade
miles FSA

Instbe eventedbyhand

ifstillusedthen onlytoveryquickly check
some basic rulesofthe language
there isproblem when it returns multiple
possible parsesoftheinput asthere
is no additional probability given

a
Maximumentropyrulebased tagging

rulesaregeneratedverysimply toevents bigpool
then we always try toaddone newrule

wewanttohavethe highest entropy whenpicking
newfeature set highrenI
then we talk such combination thatgives the

lowest entropy highaccumag
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It iswayto introduce languagepausing forexamplefor tagging
with probability included ProblemwithtypicalCFG is that even the
mostobeuve sentencewithin the trainingdata willhavethesame
weight as other branches of parsing eventhough itdoes notmirrorreality
Therefor we introduce

pct per prob ofparse treeapplyingmiles ri
P w PCT probofparseofsentenen W
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Another shiftreduce example
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